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1. Are there long-term negative educational effects that stem
from hurricanes?

methodology espoused in Cascio, et al(2005) Appendix A.
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e On average, hurricanes have little impact on highest grade com-
pleted in Puerto Rico (Figure 2 and 3)
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Table 1 - Descriptive Statistics for Census Samples
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Notes: Standard errors in parentheses. Samples include native-born Puerto Ricans between the ages of 1 and 14 in
1979 for David and between the ages of 1 and 14 in 1989 for Hugo. All regressions include municipality fixed effects,
cohort fixed effects, and a linear inter-cohort trend. *** p<0.01, ** p<0.05, * p<0.1

Notes: Samples include native-born Puerto Ricans between the ages of 1 and 14 in 1979
for David and 1989 for Hugo
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